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Method IS R-Precision(%)
AttnGAN 2.95+0.03 11.64
AttnGAN + CL 3.00+0.03 12.03
AttnGAN + LS 3.30+0.03 11.99
AttnGAN + CL and LS 3.44%0.05 12.12
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the bird has a small bull
that is peach and
ared crown.

this particular bird
has brown secondaries
with black spots on them
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